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Abstract

According to recent security trends, there are more malware variants than new malware. These malware are
damaging to the user by encrypting the user's data, leakage of personal information, deletion of data, and financial
demands. Although many studies have been carried out to analyze malware in order to cope with malware that are
rapidly increasing with malicious purpose, existing malware analysis methods are classified into malware such as
obfuscation and virtual environment bypass, Which are difficult to analyze effectively. In order to overcome these
difficulties, a deep learning method that analyzes existing malware and learns it is getting popular. Therefore, this

paper introduces the method of analyzing malware based on deep learning and discusses research trends.
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